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Abstract 
Generative artificial intelligence (AI) adds unprecedented scale 
to capabilities for self-presentation online that may diverge from 
one’s physical-world identity, thus potentially misinforming con-
sent to intimate interactions, such as in online dating. Yet there is 
little empirical understanding of AI-generated self-presentation and 
(non-)disclosure to interaction partners. We present a qualitative 
survey of 113 online daters who used AI-generated content in their 
profiles or messages seen by in-person meeting partners. Findings 
show that generative AI is often used to fabricate attractive dating 
personalities through profile text and bios, with no relevance to 
one’s actual identity, and is seldom disclosed to meeting partners 
to avoid romantic rejection. Because sexual assault is defined by 
mis- or under-informed consent, the study positions generative AI 
as a potentially significant sexual assault risk factor through its use 
for presentation of non-physical traits that are influential to dating 
outcomes yet not readily identified as AI-generated upon meeting 
face-to-face.Content warning: this paper discusses forms of 
sexual violence including rape by deception. 

CCS Concepts 
• Human-centered computing → Human computer interac-
tion (HCI); Collaborative and social computing; Empirical studies 
in HCI ; • Computing methodologies → Artificial intelligence. 
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1 Introduction 
Chris is excited for their first date with Sam, whom they discovered 
on a dating app. Over days of messaging on the dating app, Chris 
becomes drawn to their personality, the way they make them laugh, 
and the sense of connection they express to each other. When the 
in-person date feels different, with awkward silences and jokes that 
no longer land, Chris rationalizes it away as nerves and anxiety that 
anyone feels on a date. They have sex. What Chris does not realize is 
that most of the messages they received on the dating app–the crux 
of their impression of a loveable personality and desire for meeting 
in-person–were AI-generated. 

Consider that sexual assault is defined by the Rape, Abuse & In-
cest National Network (RAINN) as sexual contact that occurs “with-
out clear, voluntary, and informed consent” [92]. In the scenario 
above, was Chris the victim of sexual assault due to misinformed 
consent from undisclosed use of generative AI? Could their consent 
to meeting face-to-face, more generally, be considered adequately 
informed? 

Consent has received growing attention in the Human-Computer 
Interaction (HCI) literature, from personal data collection [65, 67, 
81] to interpersonal behavior in Computer-Mediated spaces such as 
social Virtual Reality (VR) [59, 95, 122, 132], social networking plat-
forms [60, 129], and dating apps [123, 124]. Regarding interpersonal 
behavior, consent has emerged as a contemporary lens for studying 
computer-mediated harm and unwanted behavior [95, 124, 132] 
due in part to the lens’s acknowledgment that such harm may occur 
unintentionally due to misperceptions of agreement or the right to 
decline the respective behavior [9, 82]. HCI research has explored 
how social technologies can and do shape the ways that people 
give and (perceive to) receive consent to interpersonal behavior 
[29, 95, 124], and how technology may predispose individuals to 
commit unwanted acts due to misunderstandings of consent. To 
the latter effect, research has found that platforms like dating apps 
can misinform understanding of consent [124] through seemingly 
innocuous signals received online (e.g., interpreting a bikini picture 
on a dating app profile as a definitive indication of interest in sex). 

In this paper, we focus not on technology’s shaping of how 
consent itself is communicated, but on how consent decisions to 
interpersonal behavior are (mis)informed by emerging technology. 
In this sense, we connect the relatively newer HCI lens of consent 
with the more established frame of impression management: the use 
of technology to mediate one’s self-presentation [12, 46, 48, 55, 120] 
and strategic self-disclosure online [36, 89]. 
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Deceptive self-presentation has pervaded social platforms for 
decades [34, 55, 105]. Yet generative AI is an emerging technol-
ogy that adds unprecedented scale to capabilities for realistic self-
presentation that may diverge from one’s physical-world self, thus 
potentially misinforming consent to incredibly intimate interac-
tions as the online dating context exemplifies. The implications 
of generative AI on consent are only starting to be identified and 
explored, such as the nonconsensual creation and distribution of 
AI-generated pornography [106]. Beyond speculation [6, 54], there 
remains little empirical understanding of how generative AI is used 
in self-presentation on social platforms, as well as if and how use 
of generative AI is voluntarily disclosed to individuals whose con-
sent to subsequent interaction may be predicated on AI-generated 
content. 

We explore this gap in knowledge with a qualitative, open-
ended survey of 113 online daters from 15 countries who used 
AI-generated content in their self-presentation on dating apps, most 
of whom met at least one user face-to-face who had seen or received 
their AI-generated content. The study sought to answer: 

• RQ1. How is AI-generated content incorporated into self-
presentation on dating apps? 

• RQ2. How do online daters make decisions to disclose, or 
not disclose, use of generative AI to dating partners? 

• RQ3. What are the implications of generative AI, and asso-
ciated (non-)disclosure decisions, on informed consent to 
interaction between online daters? 

Findings show that generative AI was most often used to fabri-
cate an attractive online dating personality regardless of its rele-
vance to one’s own identity (RQ1). We call this AI-as-self because 
dating partners were effectively building a connection with a gen-
erative AI tool’s idea of an attractive dater rather than the person 
using the generative AI tool. In some cases, these AI-generated 
personalities were tailored to specific dating partners by copy-and-
pasting content from said partners’ profiles and messages into a 
generative AI tool, but without permission or awareness of those 
users. Generative AI was predominantly used to create text-based 
content for profile bios or messages, and not pictures of one’s phys-
ical appearance; thus the use of AI-generated content was not 
inevitably discovered by meeting other daters face-to-face. 

Participants typically did not disclose their use of generative AI to 
face-to-face meeting partners (RQ2). Rationale for non-disclosure 
was primarily to limit risk to one’s own dating success, with some 
acknowledging their AI-generated content as intentionally decep-
tive. Others justified non-disclosure by downplaying the impact 
of generative AI on the decision-making of their dating partners, 
with some indicating that generative AI needs to be disclosed only 
when used to modify physical appearance. 

The study ultimately shows that generative AI poses consider-
able risk of misinforming consent to interpersonal behavior be-
tween online daters because of its use for presentation of non-
physical traits that are influential to dating outcomes, yet not read-
ily identified as AI-generated upon meeting face-to-face (RQ3). We 
conclude the paper by discussing how AI-generated self-presentation 
could shape future HCI research of computer-mediated harm, as 
well as design decisions around automated disclosure of generative 
AI. 

2 Related Work 

2.1 Computer-Mediated Consent to 
Interpersonal Behavior 

Consent has steadily grown as a research focus in HCI, particularly 
consent to data collection [94, 109] given legal regulations around 
data [77, 107], and newfound uses for AI model training [66, 121]. 
Informed consent to data collection (i.e., providing people with in-
formation necessary to make an educated decision about their data) 
has been a special emphasis in light of challenges that ubiquitous 
computing poses when data can potentially be collected at all times 
through any number of hidden devices [49, 74]. 

Consent to interpersonal behavior, such as through social plat-
forms, has also experienced mounting interest in HCI [129], in part 
because consent (or the lack thereof) is the defining quality of many 
forms of interpersonal harm, including sexual violence, intimate 
partner violence, and child abuse [7, 16, 19]. A benefit of a consent 
lens is that it sidesteps historical challenges to consistently defining 
harm, which has been especially obstructive to AI- and content 
moderation-based solutions when moderators/data annotators dis-
agree over what is considered harm [64, 93]. Per Zytko and Chan, 
under a consent lens "the notion of objectively harmful behavior is 
rejected, with harm instead being qualified on a user-by-user basis as 
unwanted interaction" [122]. We similarly use a consent lens to qual-
ify a behavior as unwanted according to the person experiencing 
the behavior, rather than by the judgment of an external entity. 

Prior HCI research has used consent as a lens to study unwanted 
behavior on social media platforms [60], social VR environments 
[95], and dating apps [29, 124]. To the latter, online dating research 
of consent has found that unwanted behavior may occur uninten-
tionally through misinterpretation of consent (agreement) to sex 
through signals received in dating app interfaces, such as physi-
cally revealed profile pictures and emojis in messages [124]. This 
speaks to a broader pattern in the literature of social platform design 
inadvertently facilitating unwanted acts through fueling misinter-
pretations of consent or failing to provide explicit mechanisms for 
consent exchange [60, 124, 130]. 

In considering how social technologies could be deliberately 
designed to scaffold consent exchange [84], most HCI research has 
advocated for affirmative consent as the basis for how consent to 
behavior should be exchanged [60, 68, 84, 100, 122, 123]. Distilled in 
the slogan “yes means yes,” affirmative consent refocuses responsi-
bility onto the initiator of a sexual or other social act to ask for and 
receive explicit permission [39]. Hallmarks of affirmative consent, 
as captured in the FRIES acronym [88], are freely given, reversible, 
informed, enthusiastic, and specific consent. 

Informed consent speaks to an individual basing their consent 
on accurate and complete information. Even when sex is initially 
voluntary, the experience may later be realized as rape if it is learned 
that the consent decision relied on false or misleading information. 
In prior scholarship, this is often discussed as rape by deception. For 
example, an individual may consider their consent to have been 
misinformed if their partner secretly removed a condom during 
thought-to-be protected sex [28], or if their partner intentionally 
withheld or lied about their human immunodeficiency virus (HIV) 
status [10]. 
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Informed consent has been a complicated construct even before 
computer-mediated communication and AI. Legal scholarship and 
court rulings have debated for some time the extent to which con-
sent can be vitiated or invalidated on the basis of being misinformed, 
particularly on the basis of condom-use, as well as the standard for 
proving misinformed consent [3, 50, 51, 117]. In computer-mediated 
communication, informed consent is potentially “not, in most cases, 
even a realistic option” [100], given the freedom of self-presentation 
online and limited awareness of platform-specific dynamics. For ex-
ample, Im and colleagues point to challenges with informing users 
that their sexual content is being shared online (revenge porn) [60], 
and Zytko and colleagues speculate on inconsistent sharing of sex-
ual health information on dating apps like sexually transmitted 
infection (STI) status that are necessary for informed consent to 
“safe sex” [132]. Social VR environments add further complexities 
to informed consent through endless options for avatar design that 
may distort exactly “who” one is giving consent to, and to what par-
ticular acts [17, 59]. Challenges to informed consent have motivated 
the ideation of new consent models and practices for computer-
mediated communication [100, 122, 123] . These include dedicated 
discussion of sexual expectations on dating apps before meeting 
a sexual partner face-to-face [123], deliberately designing social 
VR environments to inform users of normative behaviors before 
entering [132], and taking cues from sex-themed video games about 
making consent a more elaborate “conversation” [84]. 

Despite attention to how informed consent is or could be me-
diated by emerging technologies like social robots [26] and VR 
[59, 122], generative AI represents a relatively new complicating 
factor because of its potential to (mis)inform consent at scale. 

2.2 The Implications of AI-Mediated 
Communication on Informed Consent 

Generative AI tools, such as ChatGPT, Google Gemini, and Claude, 
have significantly altered capabilities for self-expression online 
by adding scale, speed, and accessibility. While the potential for 
misinformation through AI-generated news is well known [25, 
85, 97], AI-generated content also has the potential to misinform 
consent to interpersonal behavior if it mischaracterizes the person 
it is intended to represent. 

As of this writing, the implications of generative AI on interper-
sonal consent are largely speculative. Furlo et al. used participatory 
design to consider how generative AI could scaffold sexual consent 
exchange in positive ways by steering online communication to-
wards discussion of explicit sexual interests and expectations [42]. 
Other literature that directly speaks to the intersection of consent 
and generative AI mostly pertains to creating sexual imagery of 
other people (deepfake porn) [87, 112], and the broader landscape 
of nonconsensual image abuse [8, 43, 44, 91]. Rather than studying 
implications on informed consent to interaction, such work looks 
at and problematizes the absence of consent to data, such as taking 
a person’s social media images without permission to give to a 
generative AI tool, and distributing AI-generated images depicting 
another person without their consent [87]. 

The implications of AI-generated content about oneself on in-
formed consent have not been directly studied, to our knowledge. 
However, research on AI-mediated communication provides some 

indirect indication of consent challenges, although most of this 
research is based on experiments with controlled conditions. AI-
mediated communication refers to “interpersonal communication 
that is not simply transmitted by technology, but modified, aug-
mented, or even generated by a computational agent to achieve 
communication goals” [54]. Multiple experiments on AI-mediated 
communication, including with online dating [61, 72, 118], find 
reduced trust [61] and increased uncertainty [72] about people per-
ceived to have used AI-generated content, especially when that 
use is not disclosed [90]. One notable exception is Hohenstein and 
Jung’s experiment [58] of messaging applications showing that 
AI-generated “smart replies” increase perceived trust by allowing 
blame for miscommunication or coercion to be placed on AI rather 
than the human messaging partner. Other experiments have found 
that receiving AI-generated content from others (without knowing 
that the content is AI-generated) does influence impressions of the 
sender [71, 78] and even the behavior of the recipient in turn, such 
as the content and pace of responses [41, 79]. 

Disclosing that content is AI-generated could rectify potentially 
misinformed consent; however, HCI research emphasizes that em-
pirical knowledge on generative AI disclosure is in formative stages 
[30, 75, 98, 113]. This includes technical approaches to detection of 
AI-generated content [18, 27, 37, 69], and growing work on AI-use 
labels and content provenance. For example, ‘Content Credentials’ 
based on the Coalition for Content Provenance and Authenticity 
(C2PA) standard attach tamper-evident metadata so people can 
see how media was made and edited [21].Platforms like TikTok 
now label AI content, including items created off-platform, by read-
ing and writing these credentials [102]. However such metadata 
can be stripped from C2PA manifests [83] and many large plat-
forms also remove embedded metadata on upload, rendering AI 
labels far from foolproof, especially in dating apps where exchanges 
are often short-lived text chats. It is thus not surprising that de-
liberation is ongoing about design decisions or requirements for 
what information to include in disclosure and how to communicate 
that information to users consuming one’s AI-generated content 
[33, 57, 63, 98, 116]. There is an early indication that people do not 
voluntarily disclose use of generative AI, including an empirical 
study of generative AI-use [5] by students (and their subsequent 
non-disclosure to teachers) as well as a relatively larger-scale ex-
periment of AI “ghostwriting” [32]. In both studies, the justification 
for non-disclosure was to avoid negative judgment and reactions. 

Ultimately, much of the research that is at least tangentially 
indicative of the impact of generative AI on informed consent is 
speculative at this point. More empirical insight is needed into how 
generative AI is used and disclosed in ecologically valid settings. 

2.3 (Mis)Informing Consent in Online Dating 
through Strategic Self-Presentation and 
Disclosure 

Online dating has been singled out as a context in which generative 
AI is “likely to impact both how people present themselves on-
line and how they evaluate others” [54]. Strategic self-presentation 
long pre-dates generative AI, having been a hallmark of online 
dating research over at least two decades, starting with Ellison’s 
2006 seminal work [34, 46] and continuing in contemporary CHI 
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literature [6, 24, 86, 96, 120]. Self-presentation or Impression man-
agement, originating from Goffman [48], has been widely adopted 
as a lens to research how online daters curate the impression that 
other users form of them [46, 114, 125]. Early research found im-
pression management to largely be motivated by goals to increase 
attractiveness to the broader userbase, which often involved decep-
tion or at least mild exaggeration of one’s content on dating apps 
[38, 46, 53, 55, 56, 103, 104]. 

More recent HCI research on online dating has put emphasis on 
marginalized and at-risk user populations, learning how strategic 
self-presentation is used for personal safety, rather than only boost-
ing attractiveness. Most safety-oriented self-presentation strategies 
involve strategic self-disclosure of personal details about one’s iden-
tity that may be subject to harassment or other harms. For instance, 
users of apps for men-seeking-men sometimes disguise their iden-
tity because of safety implications of being openly interested in 
men [11, 12, 23], as well as their HIV status [110] and use of pre-
exposure prophylaxis (PrEP) [111]. Transgender users [36] as well 
as users with disabilities [89] similarly withhold these character-
istics to avoid identity-based harm. Interest in casual sex is also 
sometimes disguised to avoid stigma associated with open interest 
in sex [12, 126] 

The flipside of self-presentation is impression formation, to, for 
example, decide whether to consent to further interaction with an 
online dater and meet them face-to-face. Online daters have histori-
cally had difficulty forming impressions of “experiential traits” such 
as personality [125, 128] that must be signaled indirectly through 
content online, and frustrations with making adequately informed 
in-person date decisions have been common [40, 125], leading to 
design efforts to improve impression formation capabilities [131]. 
Some impression formation strategies have been linked to safety, 
such as searching for more information about meeting partners on 
search engines and avoiding contact with profiles that do not have 
pictures [12, 47]. 

The historical dichotomy of self-presentation motivations in 
online dating would suggest that use and (non)disclosure of genera-
tive AI may be used for both deceptive and safety-oriented reasons, 
both of which may misinform consent decisions of other users who 
consume said content. Our study, presented in this paper, is the 
first to provide an empirical account of this role. 

3 Method 
We conducted an Institutional Review Board (IRB)-approved quali-
tative, open-ended survey study to investigate how online daters 
incorporate AI-generated content into self-presentation and how 
they make disclosure decisions about their generative AI-use to dat-
ing partners. We opted for a survey over other qualitative method 
choices for two reasons. One, in light of growing attention in the 
CHI and broader HCI literature to online dating in multicultural 
contexts [11], we opted for a survey to facilitate breadth of repre-
sentation across diverse geographic regions and cultures, includ-
ing non-Western and Global South participants. Two, because use 
of generative AI may carry a negative connotation according to 
prior literature [5, 30, 32], we considered that participants may be 
more comfortable with discussing potentially deceptive or public-
disapproving uses of generative AI through asynchronous data 

collection methods in which the participant does not have to see 
and directly interact with a human researcher. 

3.1 Recruitment and Participants 
The final sample of 113 participants was recruited via a reputable 
third-party human subjects research recruitment platform com-
monly used in HCI studies. Eligibility criteria required participants 
to: (1) be at least 18 years old, (2) have current or prior experience 
using dating apps, and (3) have used generative AI tools for creat-
ing, modifying, or enhancing content on dating apps. Participants 
were compensated $10 USD for survey completion. We collected 
151 total survey responses, however, 38 were removed for failing 
to meet the eligibility criteria. 

While the survey was administered only in English, it amassed 
representation from 15 different countries across multiple regions. 
These included 46 from North America (the United States (40), 
Canada (4), and Mexico (2)); 41 from Africa (South Africa (32) and 
Kenya (9)); 22 from Europe (the United Kingdom (14), Poland (3), 
Portugal (2), Germany (1), Italy (1), and Greece (1)); 3 from Aus-
tralasia (Indonesia (1), Australia (1), and New Zealand (1)); and 1 
from South America (Chile). 

Fifty-two participants identified as women and 61 as men, with 3 
participants also identifying as transgender. Eighty-seven identified 
as heterosexual, 4 as homosexual, and 16 as bisexual; the remainder 
identified as pansexual (3), asexual (1), aromantic (1), or demisexual 
(1). Regarding ethnicity, 60 identified as Black or African American, 
38 as White, 7 as Asian, 5 as Hispanic or Latino, 1 as Middle Eastern 
or North African, 1 as “other,” and 1 as mixed (Asian + White). The 
mean age was 32.9 years, with a range of 18–83 years old. 

Most participants (82) had used dating apps for over a year, and 
all but one used dating apps for at least a month at the time of 
the survey. Most participants used dating apps multiple times a 
week (77), and all but two used dating apps at least a “few times 
a month.” Almost all participants used multiple dating apps, with 
the most popular being Tinder (102), Facebook Dating (54), Bumble 
(59), Grindr (18), Hinge (35), Match (21), OkCupid (33), and Plenty 
of Fish (24). 

All participants reported having messaging interactions on dat-
ing apps with at least three other online daters, with the mean being 
48.5 different messaging partners and the max being 1000. All but 4 
participants met at least one online dater in-person, with a mean of 
6.6 in-person dating partners and a max of 60. Most participants (93) 
had met an online dater in-person who had seen their AI-generated 
content before meeting. Generative AI tools used by participants 
to create content used in online dating included ChatGPT and com-
mon AI photo editors. Most participants (98) used generative AI 
to create multiple types of content, with the most common being 
private messages to other online daters (93), profile bios/“about me” 
sections (84), photos on one’s profile or sent to an online dater in 
private messaging (55), and videos sent to online daters through 
private messaging (19). 

3.2 Participant Care and Safety 
We designed the study to minimize risk and center participant 
autonomy. Discomfort alleviation: Given the potentially sensitive 
nature of this study’s subject matter, and associated discomfort that 
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participants may feel, all open-ended questions in the survey were 
skippable. Participants could also discontinue the survey at any 
time without penalty to their financial compensation. 

Re-identification mitigation: We did not collect any direct 
identifiers. Our recruitment platform of choice handled participant 
compensation on our behalf and supported anonymous review of 
survey response quality by assigning a code to each respondent 
that only they could connect to a particular user on their recruit-
ment platform. To further limit re-identification from this paper, 
we report demographic traits only in aggregate and do not attribute 
quotes to individual participant IDs. Survey data were stored on 
access-controlled institutional storage with team-only access; any 
indirect identifiers (e.g., references to specific dating apps in survey 
answers) were omitted during data cleaning. 

Survey wording: The survey deliberately omitted the word 
“consent” from all question wording, based on guidance from three 
nursing and/or psychology professors with expertise in consent 
that we consulted for this study. The term may carry preconceptions 
or learned understandings of how consent “should” be exchanged, 
which could lead to self-censored answers and emotional duress 
if questions explicitly about “consent” incite participants to reflect 
on whether they committed a nonconsensual act or misinformed 
someone else’s consent through their use of generative AI. We more 
broadly used question wording that sought to avoid connotations 
of “good” and “bad” use of generative AI so that participants would 
not perceive the survey as casting judgment on their generative 
AI strategies (this is also partly why we opted against interview 
or focus group methods). This also led us to ask about concepts 
in multiple ways, such as inquiring about (non)disclosure of AI-
generated content through one’s personal disclosure decisions and 
in conjunction with general opinions on when online daters should 
need to disclose. 

Financial compensation: We ran multiple pre-launch survey 
pilots to estimate a completion time of 30 minutes, for which com-
pensation of $10 USD was intended to pay 2.75x the USA-based 
federal minimum wage. The study advertisement informed par-
ticipants that the expected completion time was 30 minutes and 
that they could skip any question and end the survey early with no 
adverse consequence to their compensation. The eventual median 
and mean completion times from our full sample were 48 and 50 
minutes respectively, which were longer than our piloted comple-
tion times but still paid above the USA federal minimum wage of 
$7.25 USD per hour. As to why the median and mean completion 
times were longer than our pilot estimates, we suspect two reasons. 
One, the recommended compensation on our chosen recruitment 
platform was $12/hour, putting $10 USD for a median 48-minute 
survey in line with standard compensation rates. Participants may 
have thus more willing to give additional time. Two, the survey 
topic may have been of intrinsic importance to participants, leading 
to a voluntary decision to take more time. 

3.3 Data Collection 
We had anticipated a survey completion time of 30 minutes (and 
determined the $10 USD payment accordingly), however the mean 
completion time for our participants turned out to be 50.44 minutes 

(median: 47.54), with a minimum completion time of 15 minutes 
and maximum of 102 minutes. 

The survey consisted predominantly of open-ended questions 
where participants could provide answers without any text limit. 
After eligibility and demographic questions, the survey first in-
quired about what types of online dating content participants used 
AI tools to generate, followed by motivations for using generative 
AI with the question “Why did you use AI tools for content creation, 
modification, or enhancement? Please be as specific as possible.” 
They were then asked which generative AI tools they used, followed 
by a prompt to provide a detailed step-by-step account of how they 
used those generative AI tools to create content for online dating. 
The wording of that question was “How did you use these AI tools? 
Describe the steps or prompts as if you were teaching someone 
how to do it.” 

The next portion of the survey was about disclosure of generative 
AI-use to other online daters. Participants were first asked if they 
ever “met anyone face-to-face after they saw your AI-generated, 
modified, or enhanced content on the dating app?” For those that 
did, subsequent questions then asked if they disclosed their gen-
erative AI-use to any face-to-face meeting partners, followed by 
an open-ended prompt to explain why/not. For participants who 
had not met another user face-to-face who saw their AI-generated 
content, they were asked if they had disclosed their generative 
AI-use to “any online dater” and why/why not. The final portion of 
the survey inquired about personal opinions on when AI-generated 
content does and does not need to be disclosed on dating apps; 
this was intended to capture their broader mental models about 
generative AI disclosure norms and expectations. 

3.4 Data Analysis 
We used reflexive thematic analysis (RTA) [15] to examine the open-
ended survey responses. RTA is one of three common approaches 
to thematic analysis (TA) in CHI literature; the other two being 
coding reliability TA and codebook TA [13]. Unlike these other 
thematic analysis approaches that use predefined codebooks and 
interrater reliability towards achieving an unbiased and objective 
analysis of data, reflexive thematic analysis (RTA) views knowl-
edge as unavoidably "situated and contextual" where "researcher 
subjectivity is conceptualised as a resource for knowledge production" 
[14]. We found RTA especially useful for our study because of its 
accommodation of inductive and deductive coding, which allowed 
the foregrounding of the researchers’ professional experience and 
literature surrounding consent, AI-mediated communication, and 
self-presentation to inform analysis. 

The analysis team consisted of two researchers with prior publi-
cation and empirical research experience pertaining to computer-
mediated consent, self-presentation, and impression formation. Due 
to the theoretical flexibility of RTA [15], the team’s past work and 
professional experience contributed to the overall analysis through 
a preconceived deductive orientation to the data that centered these 
concepts, combined with inductive coding grounded in participants’ 
language. 

RTA has the following steps: 1) data familiarization; 2) initial 
coding; 3) initial themes; 4) development of themes; 5) refining 
themes; and 6) writing results. The authors familiarized themselves 
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with the data (step 1) through cleaning of the survey responses 
and prepping them for analysis by transporting them into both 
spreadsheets and a Miro board [80] (a virtual whiteboard web plat-
form where each participant’s quote is represented as a virtual 
notecard). We conducted initial inductive coding (step 2) in Miro by 
assigning semantic labels to participant responses. Initial themes 
(step 3) consisted of broad categories around content that was AI-
generated, motivations for using generative AI in online dating, and 
decisions to (not) disclose use of generative AI. For instance, the 
use of generative AI to boost attractiveness was one amalgamation 
category at this stage. These initially-broad categories were further 
refined and broken down (steps 4–5) by repeatedly reorganizing 
quotes into visual sections in Miro; at this point, the differences 
in generative-AI use gradually became clearer (e.g., distinguishing 
AI-generated content that was intended to be broadly attractive 
from AI-generated content intended to be attractive to one specific 
dating partner). During the writing of this paper’s findings (step 
6), we produced tables to solidify our thematic structure around 
insights for AI-generated self-presentation strategies and disclosure 
strategies. 

4 Findings 
Through data analysis we organized themes into two halves: AI-
generated self-presentation strategies (how AI-generated content 
was incorporated into dating app profiles and messages) and AI-
generated content disclosure strategies (if, how, and when online 
daters disclosed their use of generative AI to dating partners). 

Regarding self-presentation, most participants regardless of their 
gender or geographic location used AI-generated content to in-
crease attention and attraction from other online daters. For these 
participants, AI-generated content had little or no personal rele-
vance, but was rather crafted in accordance with how their AI tool 
of choice understood general romantic attractiveness. In contrast, 
a smaller set of participants spanning demographics used genera-
tive AI to improve the clarity of content intended as an authentic 
self-presentation. See Table 1 for a summary of four AI-generated 
self-presentation strategies found in our analysis, which are dis-
cussed in detail in Section 4.1. 

Most participants did not voluntarily disclose use of generative 
AI to their face-to-face meeting partners, regardless of their intent 
for using AI-generated content. Rationale for non-disclosure re-
volved around avoiding romantic rejection that could be incurred 
if one’s partner learned of their AI-use, acknowledging that gener-
ative AI carries a negative connotation to most participants. Those 
who did disclose use of generative AI cited transparency with their 
partner or an interest in discussing AI as a hobby. See Table 2 for a 
summary of reasons for disclosing and not disclosing generative 
AI-use. These are discussed in detail in Section 4.2. Passages in 
italics below are direct quotes from participants. We do not include 
participant identifiers to prevent re-identification. 

4.1 Strategies for AI-Generated 
Self-Presentation on Dating Apps 

Strategies of our participants for using AI-generated content in self-
presentation were organized into four categories that vary based 
on the extent that which AI-generated content was intended to 

be relevant to their real identity. These included: AI as fabricated 
personality (no relevance to one’s own identity), AI as personalized 
ideal dating partner (no relevance to one’s own identity), AI for 
enhancement (partial relevance to one’s own identity), and AI for 
authenticity (intended to be fully representative of one’s identity). 
We discuss each strategy below; they are summarized in Table 1. 

4.1.1 AI as Fabricated Personality. Several participants adopted 
a self-presentation strategy in which generative AI tools were 
prompted to create text content for profile bios and private messages 
that broadly aligned with personality traits and other non-physical 
qualities that were considered generally attractive. It was irrelevant 
as to whether the user believed they personally possessed these 
traits, and in many cases, participants acknowledged not having the 
traits that they wanted generative AI tools to create content about. 
Terms that participants commonly used to describe the personal-
ity they wanted to convey included “bubbly,” “intelligent,” “witty,” 
“creative,” and “funny.” Others had more abstract descriptions of 
the qualities they wanted to present, encapsulated with terms like 
“catchy” and “attractive.” Participants enacting this self-presentation 
strategy dismissed the importance of romantic compatibility in on-
line dating, and instead espoused a view that dating success is 
dictated by universally desirable traits. One participant exemplified 
this view by approaching generative AI as a “dating coach” that 
could provide them with content that would make them attractive 
to essentially every user on a dating app. They described their step-
by-step use of generative AI like this: “open the app. type the prompt 
’act as a dating coach. help me make my profile on a dating app more 
inviting. I want to attract people of all genders’ [...] i might then copy 
and paste what it suggested or give a prompt like ’sound younger’ or 
’make it funnier’ or ’try again’.” 

This view on universally desirable traits being key to dating suc-
cess, and the associated expectation that generative AI tools could 
provide indiscriminately “attractive answers,” as one account put it, 
was also aligned with participants’ stated goals for online dating. 
Participants freely acknowledged that their motivation was increas-
ing matches on the dating app rather than cultivating genuine 
compatibility. For example, a participant wrote “I use [generative AI 
tools] to make myself look unique and attract more people to match 
with me,” and another indicated, “I used an AI tool to generate a 
more attractive and attention trap bio to get more likes and attention 
from ladies on dating apps.” 

Implied in several participant responses, such as the reference 
to “attention trap” profile content, was the belief that generative 
AI tools have an almost magical quality to create content that 
instigates sudden, strong attraction from any online dater. One 
online dater even aimed to make matches “obsessed” with them by 
asking ChatGPT, “what are most interesting topics to chat about 
with a stranger to make them obsessed with you, then I select one 
topic and then I ask chatgpt,’ would you craft a good looking message 
on this topic that I will send to this stranger, make the massage [sic] 
more appealing so that they would love to talk about this topic.” 

While these mental models on generative AI capabilities and the 
mechanisms of romantic attraction may appear overly simplistic or 
naive, they become more understandable in light of participants’ 
stated insecurities and self-doubt about dating. Several participants 
self-identified with dating challenges that they blamed on their own 
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Table 1: Strategies for incorporating AI-generated content into self-presentation on dating apps. The table summarizes four 
strategy types, what each involves, why participants used it, and which parts of their profiles or messages were generated with 
AI. 

AI-generated 
self-presentation 
strategy 

Description Motivation What content is AI-
generated? 

AI as a fabricated per-
sonality 

AI used to fabricate a generally 
“attractive” personality, regard-
less of its relevance to the user’s 
own identity 

Users are insecure about their in-
nate qualities as a dating partner; 
they value increased attention on 
dating apps rather than a genuine 
connection 

Profile bio (open-ended 
text content) and pri-
vate messages 

AI as a personalized 
ideal dating partner 

AI used to generate attractive 
messages that are personalized to 
a specific user by providing that 
user’s profile and message con-
tent to AI, regardless of relevance 
to the sender’s own identity 

“Stand out” from the competition 
by appealing to supposed roman-
tic compatibility with potential 
partners 

Private messages 

AI for enhancement AI used to “enhance” profile pic-
tures, ranging from minor light-
ing modification to intention-
ally misleading content such as 
changing background objects and 
body 

Improve the physical attractive-
ness and general appeal of pic-
tures 

Pictures 

AI for authenticity AI used for clarity of authentic 
self-expression by editing gram-
mar or generating content based 
on accurate information about 
the user 

Avoiding misunderstandings by 
potential dating partners; eluci-
dating genuine romantic compat-
ibility 

Profile bio (open-ended 
text content) and pri-
vate messages 

personality deficiencies or other unattractive non-physical qualities. 
In effect, they deemed their personalities inherently undatable or 
unattractive, thus needing generative AI to craft a new persona 
that would have better dating prospects. For example, a participant 
described being “not creative enough” and “awkward.” Another 
recalled: “I typically struggle with conversation with new people, so I 
decided to look to chatbots such as ChatGPT.” 

It is important to note that participants’ self-criticisms pertained 
exclusively to non-physical traits. No participant utilizing this self-
presentation strategy made any reference to their physical appear-
ance, and generative AI was seldom used to create pictures. Rather, 
AI-generated content was predominantly text-based, such as pro-
file bios (what one online dater called the “about me” section) and 
private messages to other daters. Participants described prompt-
ing generative AI specifically for content to put in their dating 
app profile, e.g., “a witty bio [. . . ] catchy and creative.” For message 
content, generative AI was typically prompted to create generic con-
versation starters or “pick up lines.” Participants provided specific 
examples of their prompts for such pickup lines that speak to the 
perception that a single conversation topic could spark universal 
attraction, e.g., “the best pick up line that might get a girl’s attention,” 
or “Write a flirty message that makes a great first impression on a 
dating app.” 

4.1.2 AI as Personalized Ideal Dating Partner. Participants who 
used generative AI to create what we coded as a personalized ideal 
dating partner had similar practices as those in the previous theme 
about fabricated personality: both used generative AI to fabricate 
content that had little or no relevance to their actual identities. How-
ever, a key difference is that participants here used generative AI to 
increase attraction by fabricating unique romantic chemistry with 
individual online daters rather than a universally attractive persona. 
The strategy pertained exclusively to AI-generated messages that 
were tailored to a specific dating app user, and had two distinct 
phases: generating a first-message conversation starter specific to 
the other dater’s profile, and automating responses throughout the 
messaging conversation with said dater until meeting face-to-face. 

For opening messages, participants provided details of their 
match’s profile into a generative AI tool along with a prompt to 
create a message tailored to that person. In one participant’s words: 
“what should I say or ask to make me sound like I’m interested in 
them romantically.” Some participants copy-and-pasted content 
from their match’s profile verbatim into the generative AI tool, 
without that person’s awareness, while others paraphrased the pro-
file content. To the latter, an example of a prompt to generative AI 
was: “I matched with someone who loves hiking and dogs. Create a 
fun and engaging opening message related to that.” Prompting by 
other participants became increasingly elaborate, in some cases by 
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asking the generative AI tool to come up with multiple variations 
of a message that the user could choose from. 

Once messaging conversations were ongoing, participants used 
generative AI to automate most of their responses. In effect, these 
participants’ dating partners were having messaging interactions 
entirely with a generative AI tool, with the participant’s role being 
a data liaison: providing profile and message content from the 
dating partner to the AI tool, and relaying content created by AI 
back into the dating app chat interface as their own messages. One 
respondent provided a systematic breakdown: “Login to the AI tool. 
Copy the response [received from the messaging partner on] the dating 
app. Paste it, with the command to suggest a response. Read through it, 
if satisfied, copy and paste it to the dating app and send the response.” 
In some cases, participants indicated specific personality traits they 
wanted to showcase in their responses, for example: “[I would ask] 
it to respond to the messages that people would send to me in a witty, 
engaging, and contextually relevant manner.” 

Participants further relied on AI for translation and interpre-
tation, both to bridge language gaps and to decode intent (“what 
do they mean by this?” ). This let them sustain interactions with 
partners who spoke other languages or used unfamiliar terms, but 
it also made them reliant on generative AI for meaning-making. As 
one participant noted, they would paste a confusing message into 
their generative AI tool and prompt it to “Explain it to me.” 

4.1.3 AI for Enhancement. Another strategy for generative AI is 
centered not on textual self-presentation but on optimizing profile 
photos. Participants described using generative AI tools to improve 
the visual quality of their images, with practices that ranged from 
subtle adjustments in lighting to transformative modifications of 
bodies, faces, and backgrounds. Unlike the strategies that fabricated 
dating personas entirely unrelated to one’s personal identity, this 
approach was rooted in the optimization of content that, at least 
originally, was representative of the user. 

For some participants in this theme, generative AI’s appeal lay in 
minor corrections that made photos clearer and more professional 
without fundamentally altering their physical appearance. These 
adjustments included steps that would have previously been done 
in photo editing software, such as sharpening blurry images or 
“adjustments to the lighting” and “exposure.” These seemingly minor 
changes were sometimes embedded in elaborate editing routines 
that layered multiple AI tools to refine appearance. One participant 
described a workflow that combined several applications: “First, 
I used Lumii to adjust the lighting in my profile photos [. . . ] I also 
applied minor High Dynamic Range effects to make the details pop 
without over-editing. With Fotor AI Photo Editor, I refined my images 
further [. . . ] to create a warm and inviting look.” 

Several participants emphasized restraint with use of generative 
AI on pictures so as not to cross the line into deception. One noted, 
“I used the FaceApp to help edit my profile picture [. . . ] I used this 
app with caution to avoid over-editing my profile picture to ensure 
it remained authentic.” Similarly, another participant described ex-
perimenting with features like “Improve” or “Smooth” but “always 
keeping the intensity very low to achieve a natural enhancement [. . . ] 
making minimal adjustments to look like a slightly better version of 
myself.” Such statements suggest participants recognized a fine line 
between minor touchups to their pictures and misrepresentation. 

For others, however, enhancement extended beyond minor touchups 
into significant changes to their appearance and even location in 
photos. Examples of the latter were removing objects from pictures 
or changing the background of an image to an exotic location to im-
ply having visited (e.g., a background implying a “safari to Africa” ). 
Some participants justified these major photo changes in terms of 
“confidence” : improving photos was not just about aesthetics but 
about overcoming shyness or insecurity in dating. Per one partici-
pant: “To be honest, I wasn’t that much confident about my messages 
or bios, I wanted to enhance it, to spice it up a bit and etc, ’cause I am 
a little bit shy at the beginning.” 

The intent behind these more extreme AI-driven photo enhance-
ments was to improve physical appearance in order to attract “high 
valuer” dating partners, as one participant framed it, even if the 
resulting pictures had little resemblance to one’s physical-world 
self. Words like “beautiful” and “perfect” were typical in responses 
describing this practice: “It just made me look more beautiful,” one 
participant wrote, and another commented, “I used their beautifier or 
magic button [...] to make me look perfect.” While these AI alterations 
typically pertained to one’s face, some described using generative 
AI to change their entire body shape to affect their perceived age. 
As one participant reflected, “I also used a picture to enhance beauty 
and edit my body making myself young and [it] came out great.” 

4.1.4 AI for Authenticity. In contrast to strategies that fabricated 
new dating personas with no relevance to user of the generative 
tool, a smaller group of participants described using generative AI 
to represent themselves more clearly and authentically. For these 
individuals, AI was not an attractive mask, but a way to overcome 
awkward phrasing, language limitations, or anxiety about honest 
self-expression. Their emphasis was on presenting who they “really” 
were without distortion, ensuring that potential partners could 
accurately gauge romantic compatibility. As a participant explained, 
“I take online dating seriously, so if I am going to talk to someone, I 
want to get an honest shot at it so I don’t want me not representing 
myself in the best way possible to hinder me from meeting the love of 
my life.” 

Participants commonly framed generative AI as a tool for more 
clearly expressing their own thoughts in messages to other users, 
rather than inventing content to boost attraction. Use of the word 
“my” was common across responses in this theme, in emphasizing 
that generative AI was intended to help the expression of partic-
ipants’ own ideas. Per one participant: “I sometimes struggle with 
putting my thoughts into words.” Several alluded to issues with gram-
mar, wording choice, and “sentence construction” as motivations 
for seeking help from generative AI. Another respondent added: 
“I wanted to express my thoughts in a better way. I chose to use AI 
because it is good in sentence construction.” 

This pursuit of authenticity extended to dating profiles. Several 
participants used AI to generate bios that accurately described 
their hobbies, values, and relationship goals, but in a way that 
read more coherently than what they thought they could write on 
their own. Rather than fabricating traits, they saw AI as helping 
them assemble fragments of their identities into a more readable 
whole. One participant wrote, “I mainly used it for making my 
Bio nice and that makes people know me better, I use it that way 
because sometimes it is hard for me to [write] a presentation about 
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me.” Another participant described feeding AI keywords such as 
“hiking, cooking, live music, dogs, travel, witty, adventurous, craft 
beer” to receive suggestions for how to write about these qualities 
in a profile bio. The intent was not to mislead but to ensure that 
the qualities they valued most about themselves did not get lost in 
poor wording. 

Participants varied in how they enacted this authenticity strat-
egy. Some relied on AI for revision and polish of already-written 
sentences, such as asking AI to make their content sound “less 
harsh or more kind” or using tools like Grammarly to ensure the 
content was free of grammatical errors. Others used AI in a more 
generative capacity, or what one participant called the “fill in the 
blanks” approach, by providing keywords or short phrases about 
their thoughts or qualities and letting generative AI tools craft full 
sentences based on the content. A survey participant reflected, “I 
used ChatGPT to feed into my personal traits and strengths since I 
found it challenging to provide a clear description of myself.” Some 
participants spent considerable time crafting prompts to generative 
AI that described their personal qualities in detail, in hopes of fur-
ther improving clarity in their self-descriptions. Another participant 
elaborated on their “fill in the blanks” approach when prompting AI 
with their interest in reading: “The more specific you are, the better 
the AI can help. For example, instead of just ’reading,’ you could say 
’reading science fiction and historical biographies. ”’ 

4.2 Strategies for (Non-)Disclosure of 
AI-Generated Content to Online Dating 
Partners 

Strategies for (not) disclosing use of AI-generated content to online 
dating partners were organized into six categories mapping to ratio-
nale provided for (non-)disclosure; see Table 2 for a summary. Most 
participants did not disclose their use of generative AI to any dating 
partners. Reasons for non-disclosure included fear of rejection, a 
perception that AI-generated content did not significantly affect 
dating outcomes, and a view that disclosure should happen, albeit 
later in the romantic relationship. For the participants that did dis-
close their use of AI-generated content, they did so because they 
either wanted to talk about AI as a hobby with their dating partner, 
they anticipated a worse impact on their dating success if their 
partner discovered their use of AI on their own, or they generally 
valued transparency in their dating interactions. Importantly, deci-
sions to (not) disclose and their accompanying rationales were not 
tied to any particular self-presentation strategy from Section 4.1. In 
other words, most participants opted not to disclose their AI-use re-
gardless if they used AI for authenticity, enhancement, or complete 
fabrication. 

4.2.1 Non-disclosure of AI-Generated Content to Avoid Romantic 
Rejection. The dominant rationale for non-disclosure was a belief 
that honesty about AI-use would directly compromise romantic 
prospects. Participants weighed disclosure against the risks of re-
jection, embarrassment, or stigma, and overwhelmingly concluded 
that concealing their use of AI was the safer choice. For participants 
coded under this theme, the potential to mislead their dating part-
ners through non-disclosure was either not mentioned or deemed 

acceptable as long as their own “good first impression” was main-
tained. In rare cases, participants admitted to intentionally trying to 
deceive their partners, for which disclosure of generative AI would 
be counterproductive. For example: “I wanted them to think that I 
wrote that with my mind.” 

Several participants described AI as a hidden advantage that 
allowed them to pass through early dating “filters,” fearing that 
acknowledgement of its use would undo the progress towards face-
to-face encounters or subsequent romantic or sexual experiences. 
One participant argued, “I feel like [disclosing generative AI-use] 
would produce a sense of falsehood which might undermine my goals 
with someone, whether it might be long term or short term.” Multiple 
participants made reference to being “judged” negatively by their 
dating partners if they disclosed their use of generative AI, which, 
in itself, was positioned as a reason not to disclose. As another 
participant explained, “I fear that they might judge me and may 
choose [not] to meet me again.” A different participant echoed, “Some 
people [...] might judge others harshly for using it [generative AI] in 
something as intimate as dating.” 

In explaining why they feared rejection after AI disclosure, sev-
eral participants referenced a concern of being perceived as “fake” 
or “not real.” For instance, one participant admitted being “afraid” 
that their meeting partner would think they were “different from 
the person they were chatting with.” Another worried about being 
seen as a “fake person.” This viewpoint conveyed a passive acknowl-
edgment that AI-generated content is–or could at least be seen 
as–deceptive, yet rather than use this as motivation to disclose 
their AI-use and remedy any such association, participants inten-
tionally hid it for their own gain. As one respondent added, they 
“didn’t feel comfortable doing it [disclosing AI-use]” because they 
thought the meeting partner “would feel tricked or violated or lied 
to.” 

Relatedly, other participants thought generative AI-use would be 
unfairly associated with unattractive personal qualities, and so non-
disclosure was a way to avoid these unappealing and inaccurate 
impressions. Participants provided an extensive list of such qualities, 
including “weird,” “boring,” “dumb,” “lazy,” and even “psycho.” As 
one of the participants put it: “the person may misunderstand me and 
assume that I’m a lazy person and one that lacks effort.”A different 
participant shared a similar concern: “I was afraid that they would 
think I’m lazy and not smart enough to create my own attractive 
profile.” 

4.2.2 Non-Disclosure of AI-Generated Content Due to Downplayed 
Impact on Dating Outcomes. Participants in the previous theme 
feared that disclosure of AI-generated content would undue its 
essential role in attracting other online daters. In contrast, partici-
pants under this theme minimized the impact of generative AI on 
their dating success altogether. For these individuals, AI was framed 
as an “irrelevant thing,’ that polished or simplified communication 
but did not meaningfully alter who they were or why their dating 
partners would want to meet them. Because they saw its influence 
as negligible, they concluded that disclosure of generative AI was 
unnecessary. 

Minimizing disclosure often reflected a broader belief that attrac-
tion is determined by “real” interpersonal chemistry, not technolog-
ical intervention. Some participants outright denied that generative 
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Table 2: Rationale for (not) disclosing use of AI-generated content to dating partners. The table groups participants’ explanations 
into themes and subcategories; most participants opted not to disclose their AI-use to any dating partners they met face-to-face. 

Group Theme Subcategories 

Reasons for not 
disclosing 

1. Fear of rejection if partner learns 
of their AI-use 

1.A Partner may think they are a fake 
person/scammer 
1.B AI-use associated with undesirable 
traits 
1.C AI was used to intentionally deceive 
the partner 

2. Downplayed impact of AI-
generated content on dating 
outcomes 

2.A AI-generated content conveyed the 
“real” me 
2.B Perception that everyone uses AI 
2.C Partner’s responsibility to ask about 
AI-use 

3. Disclosure should happen later in 
the relationship formation 

— 

Reasons for 
disclosing 

1. Disclosure as opportunity to talk 
about interest in AI 

— 

2. Preemptive disclosure to avoid a 
negative impact on dating outcomes 
if AI-use is discovered 

— 

3. Transparency is valued by the 
user of AI-generated content 

— 

AI had any influence on their dating partners. Another participant 
explained, “it was irrelevant because I don’t believe the prompts are 
what got the person engaged to meet with me in person.” Others 
dismissed it as “just simple text” or “not important.” 

For some, minimization of AI’s role in their dating outcomes was 
tied to the view that their AI-generated content did not misrepresent 
their real identity. In participant responses, this sometimes took the 
form of minimizing the amount of content that was AI-generated. 
The word “only” appeared across multiple participants here, e.g., “I 
only used AI to help me correct the description text and create initial 
conversation topics.” In another case a participant explained that 
“everything the AI generated was all true,” referring not to the amount 
of AI-generated content they used, but its veracity as a depiction 
of their physical-world identity. As one participant elaborated: “...it 
just helped me present myself in the best way possible. My photos still 
looked like me. My profile description [...] the personality and interests 
were entirely mine. Even in messaging, the responses reflected my real 
thoughts and feelings. Since AI didn’t alter my identity, I didn’t feel 
the need to bring it up, especially once we met in person and connected 
naturally.” 

Other participants took a different course by arguing that gen-
erative AI is so “normal” and “widespread” that any effect of AI-
generated content on dating outcomes would be shared evenly 
across the userbase. Beyond the online dating context, some partic-
ipants referred to AI’s pervasive use in “academics” and “writing” 
more generally as a way to dismiss the necessity of discussing their 
own content. One participant explained: “I believe there was no rea-
son to go out of my way and inform the other person that I had edited 

photographs. I believe that everyone uses tools to make themselves 
look more appealing than they usually ar [sic], and we can all expect 
to see small differences in person compared to online profiles. Just like 
makeup, we can use tools to fix small errors on photographs that we 
like, such as better hair, beard, cleaner background, and better resolu-
tion. On the first meeting, we generally look like the best versions of 
ourselves anyway.” 

Relatedly, some participants shifted the responsibility for gen-
erative AI disclosure onto their partners, arguing that they do not 
need to proactively disclose its use, but rather only if their partner 
directly asks about it. They argued that if AI-use truly mattered 
to other users, it was up to others to inquire: “I thought it was not 
necessary to tell them because they didn’t ask anything concerning 
my photos,” one participant remarked. Another echoed, “I did not 
feel it was necessary, especially since the person did not ask about it.” 
Implied in some of the responses in this theme is a form of con-
ditional disclosure, based not only on a partner’s verbal inquiries 
about generative AI, but also on the partner’s ability to even suspect 
its use. For instance, a participant explained that the absence of 
partner suspicion validated nondisclosure: “I felt it wasn’t important 
at the time and the fact that they didn’t notice and actually we even 
met I felt it was really a non-issue.” 

4.2.3 Disclosure of AI-Generated Content as Hobby, Act of Trans-
parency, and Step in Relationship Formation. Disclosure of AI-generated 
content to online dating partners was less common than non-
disclosure, and participants gave a variety of reasons for doing 
so. Perhaps the most surprising was to discuss generative AI as a 
hobby. Some participants described wanting to have conversations 
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specifically about generative AI with their dating partners because 
AI was a general interest of theirs and disclosure was a natural way 
to steer conversation towards the topic. As one of the participants 
put it, “it’s a bit of fun to talk about how you come up with whats on 
your profile so as part of that chat I’d say I used ChatGPT to jazz it 
up a bit. also gives an insight to what the other person thinks about 
AI, tech, current state of affairs.” Some participants also encouraged 
their partners to download generative AI tools themselves and cre-
ate their own content. For instance, one participant offered to give 
a tutorial to their dating partner. 

Other participants disclosed their AI-use as a matter of principle: 
they simply “wanted to be transparent” and viewed AI disclosure 
as an opportunity to “be truthful and free with the person.” Words 
like “true” and “real” were typical, with participants referring to 
transparency as a general “value” in their dating lives. There was an 
element of pragmatism in this transparency for a few participants, 
particularly those who used AI-generated pictures on their profiles. 
They had anticipated that dating partners may find their physical 
appearance to differ from their pictures, so they preemptively dis-
closed their use of generative AI before meeting face-to-face. As 
one participant noted, “i may not [look] exactly as my AI-generated 
photo, so do not be alarmed.” 

Another consideration raised by participants who did and did not 
disclose their generative AI use was “when” disclosure should hap-
pen. Some participants viewed AI disclosure as an important mile-
stone in romantic relationship development, and one that should 
happen only after the relationship has had time to progress. The 
first date was sometimes singled out as a point that is “too soon” to 
disclose AI. As one participant said: “I don’t feel its relevant when 
meeting someone for the first time.” While a specific point in time 
when disclosure was appropriate was not clearly identified by par-
ticipants in this category, at least one alluded to longer-term plans 
contingent on relationship success: “My plan was to disclose the 
information once it worked out, but none have so far.” 

5 Limitations 
Our study has several limitations that shape how the findings should 
be interpreted. Because the survey was administered in English, 
participation was self-selected for English speakers, which may 
partly explain the relatively minimal representation from South 
America and Asia. Recruitment also explicitly framed the study as 
being about generative AI-use, which likely attracted individuals 
comfortable reflecting on that practice and may have excluded those 
for whom AI was a less significant part of their dating experiences. 
Relatedly, our sample may under-represent marginalized groups 
for whom safety-oriented self-presentation is most consequential 
and for whom AI-generated content could serve fundamentally 
different purposes. As with any self-report method, we cannot inde-
pendently verify the accuracy of participant accounts. At the same 
time, participants’ candid acknowledgement of dating struggles, in-
cluding intentional deception through AI-generated content, should 
temper concern about false answers. Finally, our study focused on 
the producers of AI-generated content; we did not include the recip-
ients of that content, and thus cannot determine whether partners 
themselves considered their consent to subsequent interaction to 
be misinformed. 

6 Discussion 
We conducted a qualitative survey study with 113 online daters 
about their use of AI-generated content in self-presentation on 
dating apps, as well as their decisions to (not) disclose such content 
as AI-generated to their dating partners. The study found that AI-
generated content was often intended to boost one’s attractiveness 
to other dating partners, even as an intentional misrepresentation of 
one’s real identity and personal qualities (RQ1). Furthermore, use 
of AI-generated content was seldom disclosed to dating partners, 
including those they met face-to-face for dates, to protect one’s 
own dating prospects and avoid romantic rejection (RQ2). The 
findings point to negative implications of AI-generated content on 
informed consent to interaction in online dating (RQ3), which may 
go undetected even during face-to-face dates because generative AI 
was most often used for text content reflecting intangible personal 
attributes. 

In this section, we first reflect on the implications of our find-
ings on consent to interpersonal behavior, particularly whether 
undisclosed use of generative AI misinforms consent to the extent 
that subsequent interactions may be considered nonconsensual. 
We then discuss implications on the AI-mediated communication 
literature by comparing our findings to the largely-experimental 
results of past work about the influence of AI-generated content 
on communication outcomes, and considering how our findings 
may inform decisions about automated disclosure of AI-generated 
content on social platforms. Lastly, we compare our findings to 
“pre-generative AI” knowledge of self-presentation strategies on 
dating apps, through which we note the conspicuous absence of 
safety-oriented uses of generative AI in our study and future work 
that may explore that motivation for use. 

6.1 Implications for Computer-Mediated 
Consent to Interpersonal Behavior 

HCI literature has consistently shown that Computer-Mediated 
communication complicates consent to interpersonal behavior [129]. 
Consent itself can be misinterpreted through online signals like 
emojis and profile pictures on dating apps [124], and avatars in 
social VR [95]. This can potentially lead to unwanted sexual ac-
tivity and other intimate behaviors simply because a partner’s 
agreement to the act was misunderstood through prior interaction 
online [123] or not reconfirmed [29]. Making adequately informed 
consent decisions is also a challenge in Computer-Mediated Com-
munication [60, 100]. Given the bevy of information potentially 
available about a person online, dating app and social VR users 
have openly questioned when consent becomes “too” informed [17]. 
Likewise, self-presentation capabilities in novel virtual contexts 
like VR enable the creation of online personas that diverge wildly 
from one’s physical appearance and behaviors, thus obfuscating 
who a person is giving consent to [59]. 

Our findings portray generative AI as the latest complicating 
factor for informed consent to interpersonal behavior. Most of 
our participants used AI-generated content for self-presentation 
of traits and mannerisms that had no relevance to their actual 
identities; in many cases, this content was intended to diverge 
from their real self because of insecurities and doubts about being 
able to procure a date on their own. This leads us to conclude 
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that AI-generated content in online dating is indeed misinforming 
consent to interaction, including face-to-face dates and any intimate 
behaviors that occur therein. 

Our study did have some participants who used generative AI 
for help with presenting an authentic version of self, which departs 
markedly from intentionally manipulative uses of AI. While less 
common in our analysis, this type of use suggests that generative 
AI can be helpful for individuals with introverted personalities or 
who otherwise struggle to express themselves in written form. Yet 
this type of AI-use could still be problematic through a consent 
lens because such users cannot presumably continue using AI for 
assistance in expression in face-to-face encounters, and they may 
be understating the importance of the way AI uniquely articulates 
their thoughts on partners’ attraction and consent decisions. Ulti-
mately, even well-intentioned uses of generative AI can still have 
unintended influence on informed consent decisions of interaction 
partners. This speaks to perhaps the most concerning implication 
on informed consent from our study: that AI-generated content 
was predominantly text-based (e.g., profile bios, private messages), 
intended to convey non-physical traits and compatibility. Prior 
online dating research indicates that such traits are important to 
attraction [125], but difficult to reliably communicate [31] and im-
mediately identify as inaccurate during a face-to-face date relative 
to differences in physical appearance. As such, misinformed consent 
decisions may not be self-corrected simply by meeting face-to-face. 

These findings lay the groundwork for several lines of future 
inquiry. For one, our study provides a baseline typology of AI-
generated self-presentation strategies that can now be subjected to 
subsequent quantitative assessment for relative frequency of these 
strategies and how their adoption may vary across user groups 
at scale. For example, future work could explore how adoption of 
the generative AI practices discovered in our study vary on the 
basis of gender given misogynistic "pickup" culture that some men 
prescribe to [127] versus more safety-oriented self-presentation 
strategies adopted by other gendered user groups [36]. Studying 
variations across dating apps could also be fruitful given some have 
connotations for casual sex [101]. 

Further research can also look into what exactly “informed” 
means in consent decisions, and at what point consent can be consid-
ered mis- or under-informed in computer-mediated communication. 
There is opportunity for collaboration with legal scholars on this 
front, who have contended with the complexities of (mis)informed 
consent in regard to non-digital comparators such as condom-use 
[50, 117] and HIV status disclosure [1]. Questions about specificity 
of the “informed” element of consent to interpersonal behavior are 
starting to be raised in HCI literature [60], in part to problematize 
affirmative consent [17, 95] and persistent abstract descriptions of 
what qualifies as “informed.” Yet progress on this question pales 
in comparison to research into informed consent to personal data 
collection [20, 119], which has experienced rich discussion and 
ideation about the concept of informed consent in emerging com-
puting contexts [115] and system design for procuring informed 
consent to personal data [45, 73, 107]. 

This is an important line of inquiry because misinformed con-
sent to certain behavior, such as sexual activity, can be qualified 
as rape by deception [2, 4]. Even though AI-generated content is 
created and distributed online, it can have implications on sexual 

acts across online and in-person modalities. Rape by deception 
has been well studied outside of HCI [99], and has garnered some 
attention in HCI in the context of Internet-enabled sex toys when 
the teleoperator of one’s sex toy is different from the person they 
intended [99]. Computer-unmediated examples of rape by decep-
tion include undisclosed HIV status [22] and removing a condom 
without one’s partner knowing [28, 52]. Some of our participants 
did use AI-generated content intentionally to deceive a partner 
into romantic attraction, and several more did not disclose their 
AI-use specifically to avoid accusations of deception from their 
dating partners. These uses, combined with non-disclosure of AI, 
may qualify as rape by deception if such interactions culminated in 
sexual activity and influenced their partners’ willingness to have 
sex. 

Clearly more research is needed into how generative AI may be 
repurposing dating apps into devices for rape by deception (dating 
apps have already been shown to be a significant sexual violence 
risk factor [108]). Future work could involve individuals who real-
ized or suspected generative AI-use by their partner after sex, or 
participatory design of clearer, prescriptive rules around when and 
what uses of generative AI qualify as misinforming consent if not 
disclosed. 

6.2 Implications for AI-Mediated 
Communication 

AI-mediated communication is a relatively new research topic in 
HCI [54], and one largely comprised of experiments [41, 58, 61, 62, 
72, 78, 79, 118] to assess how AI-generated content in controlled 
social scenarios impacts trust, uncertainty, and other relational dy-
namics. Our study provides an opportunity to extend that work with 
insight from ecologically valid situations of AI-generated content 
“in the wild.” 

Prior studies have shown that undisclosed AI-use can reduce 
trust and increase uncertainty in the sender of the content [61, 
72, 118]. While we did not study the recipients of AI-generated 
content, our participants certainly thought their use of generative 
AI would reduce trust. It was this perception that fueled decisions 
of non-disclosure for many participants. In practice, disclosure of 
generative AI-use to dating partners was rare in our study. The pri-
mary reason participants withheld disclosure was fear of romantic 
rejection, reflecting the strong negative connotation they believed 
partners would attach to AI-use. This contrasts with prior work sug-
gesting that known use of AI-generated “smart replies” can increase 
trust by serving as source of blame for miscommunication between 
human partners [58]. Of course, our participants’ anticipation of 
reduced trust after disclosure may not be indicative of how their 
partners would actually react to such disclosure. Yet their use of AI 
to intentionally curate an attractive (and often misleading) dating 
persona is a far different use of AI from simply auto-reply sugges-
tions, which renders their anticipation of a distrustful reaction from 
partners at least understandable, if not likely. 

Research into the disclosure of generative AI-use is also starting 
to emerge. For example, research of students using generative AI 
for coursework [5] has found nondisclosure to teachers to be the 
norm due to fear of judgment or penalty. This echoes findings from 
a larger scale experiment in which AI authorship was not declared 
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due to anticipated negative reactions from readers [32]. Our findings 
from the online dating context show the same justification for 
nondisclosure: fear of negative repercussions to their impression 
and failure to achieve their goals (in our case, going on dates). 

If this growing corpus of research is an indication that use of 
AI-generated content will typically go undisclosed, it begs the ques-
tion of if or when disclosure should be automated in light of ever-
improving technical advances in AI detection [30]. Emerging AI-use 
labels and content provenance standards such as C2PA “Content 
Credentials,” and their deployment on social media apps like Tik-
Tok, show that tamper-evident metadata can in principle support 
disclosure at scale [21, 102]. However, these systems are optimized 
for relatively persistent images and videos and often rely on em-
bedded metadata that is stripped or broken when users screenshot, 
copy and paste, or re-upload content across apps, which makes 
them a poor fit for the short-lived, cross-app text chats that shape 
impressions in online dating [83]. This question has been consid-
ered in the context of news misinformation [70], but contexts of 
human-to-human social interaction can be more complicated pre-
cisely because of the impacts on trust that prior experiments have 
shown [61, 72, 118] and which our own participants anticipated. 
Forced disclosure of AI-use in content that does not ultimately 
affect a partner’s consent to subsequent interaction may unduly 
spark distrust and communication breakdown. Yet our study’s find-
ings also show how leaving disclosure as a completely voluntary 
decision can lead to misinformed consent to incredibly intimate 
interactions at scale. Future work could apply a consent lens to 
elicit stakeholder opinions on when use of AI should and should 
not be automatically disclosed in social computing contexts. 

6.3 Implications for Self-Presentation in Online 
Dating 

Two decades of online dating research have established self-presentation 
in dating apps to be a strategic and often deceptive practice, moti-
vated by the need to appear attractive to potential dating partners 
[38, 46, 53, 55, 56, 103, 104]. At the same time, self-presentation has 
been found to be a practice for safety by marginalized and at-risk 
user groups, defined by strategic concealment and disclosure of 
stigmatized traits such as trans identity [36], disability [89], sexual 
orientation [11, 12, 23], and HIV status [110, 111] to avoid harass-
ment or violence. Generative AI has added scale to capabilities for 
self-presentation in online dating, and our findings show both con-
tinuity and divergence from these “pre-generative AI” impression 
management tactics. 

Motivations of most of our participants to boost their attractive-
ness to other daters through AI-generated content aligned strongly 
with self-presentation motivations in prior work. In particular, prac-
tices around photo “enhancement” align with prior findings around 
exaggerated self-presentation like using outdated photos on one’s 
profile [34, 56, 105]. Yet there are notable differences in AI-mediated 
self-presentation strategies for attractiveness relative to prior work. 
For one, the extent of deception appears to be much more extreme 
than in prior literature, such as in Ellison and colleagues’ “profile as 
promise” framework [35] that describes exaggeration as being tem-
pered by the prospect of in-person meetings (in effect, a “promise” 

that one’s profile will not deviate too significantly from their phys-
ical world self). Our participants, in contrast, deliberately created 
entirely new personalities that intentionally espoused attractive 
personality qualities that they did not personally possess. 

Furthermore, while prior work on deception in online dating 
primarily focuses on self-presentation in profiles, AI-generated 
content was perhaps most crucial in private messaging for our 
participants. The role of messaging in self-presentation on dat-
ing apps [23, 46, 47, 114] has been discussed only occasionally in 
prior work [76, 131]. This may be a consequence of the sheer labor 
needed to maintain an impression over multiple messages, and with 
individual users, hence dating coaches and pickup artists selling 
one-size-fits-all messages that one could send indiscriminately to 
every dating partner [128]. Generative AI not only adds scale to 
message writing, but tailored self-presentation to each individual 
dating partner with little effort beyond copy-and-pasting content 
from each partner into a generative AI tool–one participant in our 
study even used the term “dating coach” when describing their 
AI-generated self-presentation. 

In light of prior work, it is surprising that our study elucidated 
no safety-oriented strategies for AI-generated self-presentation. 
Unlike earlier work documenting how marginalized users hide or 
alter aspects of identity for self-protection, our participants rarely 
described using AI tools to shield themselves from harassment or 
identity-based harm. Some speculative examples would include AI-
modified profile content to strategically describe personal interests 
and qualities without implying stigmatized personality traits, or 
AI-generated profile pictures that better align with one’s gender 
identity. The absence of such uses in our data may be indicative of 
access barriers to generative AI, unknown motivations for avoiding 
AI-use, or an under-representation of user groups that would most 
benefit from safety-oriented uses of generative AI. Future work 
could include dedicated study of marginalized user groups, or the 
recruitment of individuals who self-identify safety as a motivation 
for using AI-generated content. 

7 Conclusion 
Generative AI adds unprecedented scale to the ability to craft dating 
personas that can diverge substantially from one’s physical-world 
self. In doing so, it complicates whether partners’ consent to in-
teraction and intimacy can be considered misinformed if AI-use is 
not disclosed to them. Yet there is little empirical understanding of 
AI-generated self-presentation and disclosure decisions. Through a 
qualitative survey of 113 online daters, we found that generative 
AI was most often used to fabricate appealing personality traits in 
profile bios and messages that were not necessarily reflective of the 
user’s actual identity. Non-physical traits are known to be impor-
tant to impression formation and decision-making in dating con-
texts, yet unlike edited photos, divergences between AI-generated 
and actual personality traits cannot always be readily identified in 
face-to-face meetings. Disclosure of AI-use to partners was rare, 
with participants citing fear of rejection as the primary reason for 
concealment. 

These findings carry two important implications. First, they point 
to a consent-relevant risk: partners may agree to meet or become 
intimate under impressions authored by an algorithm rather than 
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their partner. Second, they highlight a disclosure dilemma: while 
voluntary disclosure was seen as socially costly, the absence of 
disclosure poses a question as to whether dating partners could 
make fully informed choices. We conclude that generative AI has 
the potential to become a significant sexual assault risk factor by 
creating conditions of mis- or under-informed consent at scale. For 
HCI, this work underscores the urgency of reexamining consent 
frameworks, moving AI-mediated communication studies beyond 
laboratory settings, and expanding design conversations about 
automated disclosure of AI-generated content. 
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Table 3: Participant demographics (N = 113). Values are counts 
(n) and percentages of the sample within each category. 

Category n % 

Age (years) 

18–24 24 21.2 

25–34 49 43.4 

35–44 27 23.9 

45+ 13 11.5 

Gender 

Man 61 54.0 

Woman 52 46.0 

Transgender 

Yes 3 2.7 

No 110 97.3 

Country of residence 

United States 40 35.4 

South Africa 32 28.3 

United Kingdom 14 12.4 

Kenya 9 8.0 

Other 18 15.9 

Ethnicity 

Black or African American 60 53.1 

White 38 33.6 

Asian 7 6.2 

Hispanic or Latino 5 4.4 

Other / multiracial 3 2.7 

Sexual orientation 

Heterosexual 87 77.0 

Bisexual 16 14.2 

Homosexual 4 3.5 

Pansexual 3 2.7 

Other (e.g., asexual, aromantic, demisexual) 3 2.7 
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